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INTRODUCTION

Counterfactual explanations (CFs) refer to minimal alterations to user
attributes fed into a model that result in a better predicted outcome.
We present GlucoGuide, a software to assist endocrinologists i

retrospective clinical decision making while consulting with patients
with Type 1 Diabetes (T1D) who use Automated Insulin Delivery (AID)
and Continuous Glucose Monitoring (CGM) technology. GlucoGuide
can help patients understand how they could have improved insulin
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Pipeline: GlucoGuide consists of a classifier to detect hyperglycemia, a CF generator, and a

diabetes eXpertS forecaster to verify the outcome of the CF intervention
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generate a CF recommendation by modifying
insulin intakes such that the classifier predicts it
as a normoglycemic sample
4. The forecaster is built with a sequence- to-

sequence transformer. It helps providers verity if
the recommendations lead to positive outcomes
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